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Team ID Organization Country
TMU Tokyo Metropolitan University Japan
NICT NICT Japan
NTT NTT Corporation Japan
NICT-2 NICT Japan
NICT-4 NICT Japan
NICT-5 NICT Japan
UCSYNLP University of Computer Studies, Yangon Myanmar
UCSMNLP University of Computer Studies, Mandalay Myanmar
cvit IIIT Hyderabad India
srch RICOH Software Research Center Beijing Co.,Ltd China
sarah Rakuten Institute of Technology Japan
683 National Institute of Technology Silchar India
KNU_ Hyundai | Kangwon National University Korea
NITSNLP National Institute of Technology Silchar India
ryan Kakao Brain Korea
PUP-IND Punjabi University Patiala India
FBAI Facebook AI Research USA
AISTAI National Institute of Advanced Industrial Science and Technology | Japan
SYSTRAN SYSTRAN France
NHK-NES NHK & NHK Engineering System Japan
geoduck Microsoft Research USA
LTRC-MT ITIT Hyderabad India
ykkd The University of Tokyo Japan
IDIAP Idiap Research Institute Swit%erland
NLPRL Indian Institute of Technology (BHU) Varanasi India




Team ID ASPEC JPC TDDC JIJI NCPD
EJ |JE | CJ|JC | EJ|JE | CJ| JC | KoJ | J-Ko JE EJ | JE | RJ | JR
TMU v v
NTT v v v
NICT-2 v v v
NICT-5 v v v
srcb v v v v
sarah v v v v v v v v v
KNU_Hyundai | v v v v v v v v v
ryan v v v v v v
AISTAI v
SYSTRAN v v
NHK-NES v v
geoduck v
ykkd v
Mixed-domain tasks Mutimodal task
Team ID ALT IITB UFAL (EnTam) EV/CH
EM | ME | E-Kh | Kh-E | EH | HE | ET TE EH
NICT v v
NICT-4 v v v v
NICT-5 v v v
UCSYNLP v v
UCSMNLP v v
cvit v v v v
sarah v
683 v
NITSNLP v
PUP-IND v
FBAI v v
LTRC-MT v
IDIAP v 6
NLPRL v v
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Compact and Robust Models for Japanese-English
Character-level Machine Translation

Controlling Japanese Honorifics in English-to-Japanese
Neural Machine Translation

Designing the Business Conversation Corpus
Sentiment Aware Neural Machine Translation

Overcoming the Rare Word Problem for low-resource
language pairs in Neural Machine Translation

Neural Arabic Text Diacritization: State of the Art Results
and a Novel Approach for Machine Translation
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Multi-Modal Translation &
Direct Assessment

Sentence: 1 i
Is the English text (SRC) a good caption for the highlighted area of the image? : ' Yes ' 'No

SRC Text: Four baseball players on field.

Indicate to what extent each of these candidate translations expresses
the meaning of the English source text (independently of the other candidate),

CAND1 Text: ST AATe (AT
CAND1 Score: worst nest
CANDZ Text: #FTT I JTT amate faeET

CAND?Z2 Score: worst nest
11
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e Transformer * Task-specific fine-tuning
* Relative positional * Domain adaptation
encoding

* Data augmentation * Long warm-up

« Backtranslation * Weighted loss function
* Multi-source translation e Sentence-wise smooth
* Right-to-left reranking Regularization
» Additional resources * Model Stabilization
e JParaCrawl * Noise induction
« Manual translation and * Batch filtering

automatic extraction of Jiji e Fnsemble
Press news
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. . ) Annual Trading Value 4
TSE listed companies & Investors
3 600 USsS 721 trillion
! (As of 2018) * Financial Institutions

Market Capitalization

* Individuals

N

uUssS 5.30 trillion Timely Disclosure

\ 4

77,000 docs/year

(End of 2018) ) —> Over 500,000 pages/year NN

Examples of Timely Disclosure Documents

2019/1/29
2019/1/29
2019/1/29
2019/2/22
2019/3/28
2019/3/28

Candidate for President of Japan Exchange Regulation

Consolidated financial results for the nine months ended December 31, 2018
[Explanatory Material] Overview of Earnings for Q3 FY2018

Candidates for Directors and Executive Officers, etc.

Basic Agreement Toward Realizing a Comprehensive Exchange

3rd Medium-Term Management Plan

P> TSE encourages the listed companies to disclose information in English.
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. . ) Annual Trading Value 4
TSE listed companies & Investors
3 600 USsS 721 trillion
! (As of 2018) * Financial Institutions

* Individuals

N

Market Capitalization

\ 4

uUssS 5.30 trillion Timely Disclosure

77,000 docs/year

(End of 2018) ) —> Over 500,000 pages/year NN

Only 11% of timely disclosure documents are translated!
We need more substantial and timely information in English.

It is hard for us to translate more documents.

The main causes are costs of translations, shortage of translators, and demand for
timeliness.

P> Itis not easy to meet demand for translations with only human resources.

P> Machine translation can be considerable as one option.
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2019F4H26H April 26, 2019
At BREGIFr I IL—7 Japan Exchange Group, Inc. 'Items'
FlREORHICEAT IO Notice of Dividend from Surplus

ZftlE. 2018 F3 H31 HZEZAH  Asaresult, the year-end dividend per
ETBHHEREDEHICHE LT, T share for the fiscal year ended March

D EHY ., E@EEEHICNMATEE 31,2018 will be ¥43 (ordinary dividend
Sl EEBEI A& LEL/  of ¥33 plus commemorative dividend

"Texts'

DT, BTV LET, of ¥10).



TDDC D HEER

1.  2019%F4826H -->c----

——————————————————————— 1. April 26, 2019
i oL —
2. Bt EM;EX%[F)?ﬁ e e s 2. Japan Exchange Group, Inc.
I == N 4 : ~
3. %J’%%ODEE?%E@T OBA e i 3. Notice of Dividend from Surplus

4, HBHiE, 2009F 3 A3 HAZEERQLETIERED -
BEHICHENT, FiRnedl, TERYEMEFREL %

-K- - 4. Japan Exchange Group, Inc. (hereinafter "the

\ Company") hereby announces that, for dividend ...

\ AFICLBIXT 74X F
B HAR SOH, (B B <)

2016 — 2017 TRAIN_2016-2017
1,089,346 (614,817)

2018 (until 2018-06-30) DEV_TEXTS DEV_ITEMS

1,153 (1,148) 2,845 (1,148)

TRAIN_2018 DEVTEST_TEXTS DEVTEST_ITEMS

314,649 (218,495) 1,114 (1,111) 2,900 (2,671)

TEST_TEXTS TEST_ITEMS

1,153 (1,135) 2,129 (1,763)

28
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Reference Sample

translation Output

EgnRI>>>(L'w\§; %%3lﬂl¥ﬁﬂi_ the end of third  the end of the
%E\%ZTL%E—[HU s HAE R quarter of this third quarter of

1| \
[EN D fiscal year FY 2016
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Japanese English
RSB AREGIFT 7V —7 Japan Exchange Group, Inc.

FETFTERVNESEFEOEEICET2EMoE Notice of Revision to Earnings Forecast and Dividend Forecast

=ittid, 20174104308 (CFIR L & L 7220183 3 (20174 A 1H ~ We hereby announce that the consolidated earnings forecast and year-end
201843/ 31H) DBMEEMTRR CMAOIRI T Y RS F RIS dividend f»érecast for the fiscal year ending March gl 2018 releasgd on
WT, FTROEBYBETEIEELELEDOT, BASLELELE y & '

[~1
— N

+ October 30, 2017 have been revised as follows.

HREOREHEICEAT 20 Notice of Dividend from Surplus

Nk ). s MO DR Yk B et e ddrd s b e e
ICA. BeRY10MEAbE3AERY T, o Y P
BWEENLDFryyra - 70—F, BEEEDIVUSIC X %5 H105 There was cash outflow of ¥26,164 million from investment activities due
B37E AAEFICL Y, 261E64F AHOXEERY F L7, mainly to ¥10,537 million in purchase of intangible assets.
RITEMRABICH® 2 HHFEREHRA DL Shareholding ratio of JPX

SGXNRAE T % B 24 3(515,063%) % 5, Including the shares held by SGX as treasury stock (515,063 shares).

c BRFERXEICIIEELHEDS L OCEB LA
%< ESENDHH. NMTIZ—ZICZ NS DERERIC
CEAR

e WATCTOOFHM & IZR)IC. Tho b i
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English -> Hindi
Multi-Modal
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Street sign advising of penalty. The penalty box is white lined.

An illustration of two meanings of the word “penalty”
exemplified with two images (Hindi Visual Genome)

33



Tracks

e Text-Only Translation: translate short English
captions (text) into Hindi. No visual information can
be used.

* Hindi Captioning: generate captions in Hindi for the
given rectangular region in an input image.

* Multi-Modal Translation: Given an image, a
rectangular region in it and an English caption for
the rectangular region, the task is to translate the
English text into Hindi. Both textual and visual
information can be used.



Results (Manual Evaluation)

Team ID Data ID Ave Ave Z

IDIAP 2956 72.85 0.70

= Reference 71.34 0.66

275 683 3285 68.89  0.57

H 683 3286 61.64 0.36

NITSNLP 3299 52.53 0.00

TeXt_O N |y Reference 79.23 0.94

- IDIAP 3277 60.81 0.25

o IDIAP 3267 60.17 0.25

CH 683 3284 45.69  -0.28

683 3287 45.52 -0.24

NITSNLP 3300 2R8.48 -0.81

Reference 70.04 0.60

— 683 3271 69.17 0.61

< PUP-IND 3296 6242 0.35

PUP-IND 3295 60.22 0.28

. NITSNLP 3288 H&.98 0.25

M U |t|'m0da| Reference 75.96 0.76
— 683 3270 54.51 0.08

52 NITSNLP 3208 48.45  -0.20

PUP-IND 3281 4R.06 -0.13

PUP-IND 3280 47.06 -0.17

i Reterence 68.80 0.52

: . . : m T  NITSNLP 3289 51.78 -0.05
H IN d I Ca pt|0 ni ng Reference 72.60 0.61
SE  NITSNLP 3297 4446 -0.35

683 3304 26.54  -0.94
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