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Sustainable future for translators

e AFEIER (HT) OXFILIFEETH S
e 7OMEREBOE E A FIILEEX

* No translator, no machine learning
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Project Manager’s view: PE vs. HT
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Translators” and post-editors’

positions on Bourdieu’s map
Sakamoto, 2019

Volume of capital +

[A] [B]

Translators

N

\ Economic +

\ Cultural

Post-editors

[D] [C]

Volume of capital -

Economic -
Culturat +

Figure 1. The positions of translators and post-editors in the field of translation.
(Note: In Figures 1 and 2 “Translators” and “Post-editors” refer to the roles, not to
individuals, as the same individual can be both a translator and post-editor.)
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PE=HT Cdh 5 -

s NMTDIEFEMHET 7 —Z2(Z1E T A2 1F. 2 L 7
R FILHANETH S (Yamada, 2019)

s NMTANIEFEE T 7 —Z & Z I EATIE. HTTH
MRAEH L WVEFFTHhHD (74— FDHFW)
Carl and Baez (2019)
s NMTANIEFEE T 7 — % 2 I BT C. HTTCI
S—ARIIEWNEDHICIE. EEBFHAL AT
DM, Y—F T oI A2 FNIHTHEED
[ BERa T X ARETH S (Onishi,
2020,)
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The impact of Google Neural Machine Translation on Post-
editing by student translators (Yamada 2019)
PE (SMT) vs. PE (NMT) by students

 SMT+PE vs. NMT+PE

o« SMTH31ME. NMTIX10B L % h >7=, PET BT EHEZ D L. 10D
IT7—2EBHEIELUONMTDIED ASMTL Y EISEFEINS,
e LALERIZ. 25 uih -7,
- MBFERETIZE
e SMTDOPETY¥924ME (£3118) #1ELEL7-, FHR-o7-T7—»7E (31
<A FR24) .
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L EmBTH B,
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Yamada, 2019

SMT+PE NMT+PE
Ease of PE (Effort) 75.1% 79.2%
Amount of editing (1-GTM) 0.247 0.210

Table 1. Effort and amount of editing: SMT+PE vs. NMT+PE
(higher scores = higher ease of PE and higher amount of editing).

Raw SMT (2014) Raw NMT (2017)

Major errors 31 10

Minor errors 12 17

Total 43 27

Table 2. Number of errors in raw SMT and NMT.
SMT+PE NMT+PE

Average number of errors uncorrected | 6.9 (24.1) 3.20 (6.8)
(corrected)
Error correction rate 77.7% 68%
Variation in correction rate 41%-93% 40%-90%

Table 3. Post-editing quality: SMT+PE vs. NMT+PE.
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Carl and Toledo Baez (2019)
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= & done
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P
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Word Form (minor)
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notation in YAWAT.
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Carl and Toledo Baez (2019)
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Onishi 2020, Onishi and Yamada (2020)
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Literature Review -
Research behaviour of Professional Translators

* Onishi and Yamada(2020):

« [dictionary (F#EZ%3) | [searchengineresults (IRRT > VHERZSHE) |
[non-dictionary (FFE2 TR WER., LHE. BREHREASR) | (XD

« PARPRE L TOWRENENC L ZFHEZ Y

s FABREBIIZIN T NDEEZEL VLWEELZITINTTIToTWS

« 7APIIREIL. BMEMICEERRELY RRICECTHHEN 2F

- BREL. FoULDOEE% [non-dictionary] ICEX L TWAZ EAHIBRL 7=,

Students Professionals

m Search engine = Dictionary = Non-Dictionary
m Search engine Dictionary Non-Dictionary 25



Results -
MT output and Errors

* Source Text
Psittacosaurus was a smallish, horned dinosaur having complex pigmentation.

When Jakob Vinther, a paleontologist, first saw an exceptionally well-preserved specimen of Psittacosaurus, his
reaction was: “Holy cow, this thing has beautiful color patterns.”

But it wasn’t until a few years later that he began to wonder whether it would be possible to use those patterns to
learn something new about the dinosaur.

* Target Text(GNMT output)
Ty RAYTILRIE, BHLERLE EFONIOOADH HEE TLT,

aEYPFEOVITE Y DO TREFREOREWVWT >y X IV T ILADERZ B & HORNIE
KDEBYTLIE, [BBAEDFE, ZNICIFELVWEDNSX—AHY 9, |

LA L. HFER, RIZTEICOWTANFLWI EZRITcDITZENL DX —2 ZEAT 25 EHAIEE
MNEDNEEMICBWImO £ L7,



Results -

O2) BXIc 2 WABO A

MT output and Errors
(xaa) EXXRIRDEL DT RBIR)
BEXERROEUD T (BERKER)
(%6 | BERE & M
NEY)/—B URWRE
el AEAKAZIOT—Y 3V

(xe]) B3R D

AIE B DERD

Caa) SERDERD P - MR EDR—H
M%D’ED REH

 Source Text @) w LY RR
0 X15 RERBZAT 1)
Psittacosaurus was la smallish, horned dinosaur having complexl pigmentation xis fERIEER

When Jakob \)
reaction was: [‘Holy cow] this thing has beautiful c

09 patterns
But it wasn’t until a few years later that he began tg wonder whether it would be possible to use those patterns to
learn something new about the dinosaur.

well-preserved specimen of Psittacosaurus, his

”

* Target Text(GNMT output)
Ty gAY 7RI, EMLERAE FFONNSOOADH HEE|T LT,

ENFEOY AT =P CTREPREDORINT v v 2 AR I ZOFERE Ric e & HORIGIE
RDEBY T, [EABH [CHICEELVED A Z— > hH) £ |

LAhL, HEH FHIIERBICOWTEAIPF LW EZFREDICEFNODNNZ—Y Z{ERT L L HA]EE
ﬁaiﬁﬁﬁuﬁm%bibto

*Errors are given with the consideration with the context
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Results - )
WEATIY

(x1 ) EXHRNBDOX%

List of MT errors L REREORE
(3] BEXXNBDZER
(xaa) ECRIFOE U DT REIER)
EXREDHE LU DT (BELZRER)
(x6 | BEBE S KR

Do) T/ — B U 7e W iREE
Del FEARIOT—Y 3>

* Errorsin MT output (o) R3320
E‘ﬁ%?ﬂ‘_\*’ﬁﬂ%ﬂ@%ﬁ@
» MT outputs made frequent MT-errors the most. ffgfbiﬁfgﬁ%mmT\—ﬁ
s x12) RO ERD - BRE
> B3R L&  change of color Oas) A5 E 22
HO 7-\ T ” u ” x4 LIRYER
> E&\%)q:. holy cow o LEaveR
» Wonder : more like doubt x16 FERMER
MT Error ST MT output Issue
Category
(D a smallish, horned dinosaur INESHDAED B B FRE X6: Content Indecision
@ pigmentation BRILE X3:Content Distortion
©) Holy cow B354 X3:Content Distortion
this thing has beautiful color .
@ NICIE.ABHY FT X15:Awkward Style
patterns
® wonder BRI B L X3:Content Distortion

*Errors are given with the consideration with the context
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1D Translation (from scratch) BMh71) Research Type
a | TIyIIHOI RPN BERS, ENRRELEITETHI, X3 dictionary
A b |TIwHIHINAEL HEIF-TIMOBIOHES, dictionary | search engine | non-dictionary
-
c
3 c TIWTHONAIMENNEC, ANEZTED, BRI BEONATIF-T1 dictiona non-dictiona
3 BB TUB ONFATE, Y i
(%]
d |T2AIH00AYIMET, SRR AT OBESL, dictionary | search engine | non-dictionary | search engine | search engine | non-dictionary
e |Fawaab)AL(d, REAReR L NEOBETHS, X3 dictionary
f | T2w9380)L A1, SR RN SR &N AVEABETHD, dictionary | non-dictionary | non-dictionary | dictionary
12}
(1)
g g |TIwAIH0IAIL A SRR S MR a0 BUSETY, dictionary | non-dictionary | non-dictionary | search engine
‘@
w
% h (TS9N AENETAOGZHET, KBICHENRBRY S, dictionary | non-dictionary
S oz mcrgossmn) RoBE: RROBIEN search endine | non-ictionarv | non-ictionar | non-dictiona
BEMEREITIE, i i i i
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PE=HT Cdh 5 -

s NMTDIEFEMHET 7 —Z2(Z1E T A2 1F. 2 L 7
R FILHANETH S (Yamada, 2019)

s NMTANIEFEE T 7 —Z & Z I EATIE. HTTH
MRAEH L WVEFFTHhHD (74— FDHFW)
Carl and Baez (2019)
s NMTANIEFEE T 7 — % 2 I BT C. HTTCI
S—ARIIEWNEDHICIE. EEBFHAL AT
DM, Y—F T oI A2 FNIHTHEED
[ BERa T X ARETH S (Onishi,
2020, 1L1HH2021)
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Sustainable future for translators

 HT/PE skills are valuable
* Translators/post-editors should be respected

 HT and PE coexist (for better translation ecological
cycle)

* No translator, no post-editor, no machine learning
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PE vs. HTD{&1L

- PRIE

« Self-Revision (HTTOBZELE - iKE)

» Other-Revision (B ADFIERF v V)
e HT —>Fxzvih—

+ PE —MT+PE

+ TM  —ftiZ DEI7FR

» PE, HT, TMOZIETlE. TT7—IFDE

277
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(McElhaney& Vasconcellos , 1986; Loffler-

Laurian, 1985,

D.71)
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

e EN-ESD M (MS Bing, NMT) Autodesk text
« TEETM (MTETM % ELER)

1. Needs retranslation.

e 2. Some editing is needed.
* 3. Light or no editing is needed.

« IF[E]. Edit Distance

c TMZ{E 77— 70— |ZMTDOE A % =T
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

Less than 10 From 10to 19 Over 20 words  Total

words words
TM fuzzy matches under 80% 3 4 0 7
10% 14% 0% 24%
TM fuzzy matches from 80% to 89% 2 12 2 16
7% 41% 7% 55%
TM fuzzy matches over 90% 0 2 4 6
0% 7% 14% 21%

Table 2. Description of TM source segments
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

TM fuzzy matches over 90%
TR
TM fuzzy matches from 80% to 89%

TM fuzzy matches under 80%

™

MT

0% 20% 40% 60% 80% 100%
B Low Quality - Retranslation needed
® Middle Quality - Editing needed
High Quality - Light or no editing needed
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

MT ™
All segments 22.53 20.47
Segments of under 10 words 13.47 15.08
Segments from 10 to 19 words 20.63 16.54
Segments of over 20 words 33.24 35.40

Table 4. PE average editing time (in seconds) of MT vs. TM segments
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

219 o
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

MT+PEIZZNZEA EMN B EE L TWB T IIL—T7 & DL ERFHE

120

100

80

40

Editing Time

MT ™ MT ™

Group 1 Group 2
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Post-Editing Neural Machine Translation versus
Translation Memory Segments

Moorkens & Way, 2019

=D

e PEILZ. TMS80% Match LU & V) =g ?

%7
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. TMAYEEWE S
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MNEBWNGAEEMER L

IZ DI B ?
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O’Brien, 2006
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Fig. 6: Average PCPD for match types across four subjects — EM values adjusted

Average PCPD - EM Values Adjusted

1 - O’Brien

12 (2006b) Eye-

1 tracking and
2 3 :
S . @ Average PCPD translation

) memory

2 matches

0 1 |l |l 1

NIV Fi MT EM
Match Type
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Thank you
vamada@apple-eye.com



