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Standard Prompting

~

Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now?

A: The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples

do they have?

A: The answer is 27. x

Chain-of-Thought Prompting

 Modam N

Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now?

A
The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought & more, how many apples
do they have?

\-
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answer is 9.
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ChatGPT Advanced Data Analysis
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ChatGPT Plugins

PLUS



Bing Chat



GPT-4V (E{&REAE)

https://www.covid19-jma-medical-expert-meeting.jp/topic/2167
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Research and Development of LLMs

Corpora Construction WG
Model Construction WG

Large-scale

corpus \\\‘
Tuning
data
Evaluation
Prof. Daisuke Kawahara
Waseda Univ. .

data
Prof. Jun Suzuki :
Prof. Rio Yokota Tohoku Univ.  Prof. Kenjiro Taura Prof. Yusuke Miyao

Tokyo Institute of Tech. The Univ. of Tokyo The Univ. of Tokyo

‘-. Tuning & Evaluation WG
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LLM-jp-13B: Released a 13B model on October 20th

Although this model represents an early stage in LLM research and
development and its performance metrics are comparable to previously
released domestic models, all of its components, including its corpora, are
made openly available to benefit future academic and industrial R&D efforts.

1. Computational Resources: 3. Number of Model Parameters:
* mdx A100 96 GPUs (12 nodes), funded by: NIl, RIKEN * 13 billion (13B)
AlIP, and JHPCN 4. Tuning and Evaluation:
« Construction tool: Microsoft's DeepSpeed * Tuning: 12 types of Japanese instruction data
* Monitoring and logging: Weights & Biases  Evaluation: Developed 9 types of evaluation data using
2. Corpora: existing Japanese language resources
* A tokenizer and web corpora filtering tool were 5. Corpus Search Facility:
developed * N-gram & Dense retrieval
» Data Volume: 300 billion tokens (Japanese 145 billion « AWS

tokens manly from Japanese mC4; English 145 billion
tokens mainly from English; 10 billion tokens of program
code).



Corpus Search Facility for LLM-jp-13B



Corpus Search Facility for LLM-jp-13B
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LMM + Robotics
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If you want to go fast, go alone.
If you want to go far, go together.
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